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After Renormalization: Influence and Progress
Kenichi Kanatani

Department of Information Technology, Okayama University, Okayama 700-8530 Japan

On the occasion of the tenth year after the author first proposed the “renormalization method” for statistical
optimization of geometric computations for computer vision, this paper reviews its history and recent develop-
ments. First, we describe the general framework of “geometric fitting” . Then, we describe, as numerical schemes
for linear constraints, the “least-squares method”, the “FNS method”, the “HEIV method”, and the “renormal-
ization method” along with their backgrounds and comparisons. We also comment on the principle of “optimal

correction”, the “equilibration (or whitening) method” and the “semi-parametric model”.
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